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Query (Vision, sentence): The man who is standing up from a kneeling position.

Predicted Tubes: Ground-truth Tubes:

00:01:01: (0.452, 0.355, 0.530, 0.652) 00:01:01: (0.462, 0.391, 0.537, 0.657)
00:01:02: (0.491, 0.371, 0.551, 0.627) 00:01:02: (0.494, 0.375, 0.557, 0.659)
00:01:03: (0.491, 0.285, 0.562, 0.633) 00:01:03: (0.494, 0.281, 0.569, 0.660)
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Fine-Grained Perception and Understanding:

Input : {Video} Locate all the speaking characters and corresponding lines in this clip.

Output:
1. Oh, we're walking this way again. Yay. (00:18.20 - 00:19.65). BBoxes: [ 00:18.10: (0.225,0.117,0.295,0.367), 00:19.01: (0.42,0.03,0.514,0.352) ]
2. Would be nice to leave with it. (01:37.49 - 01:39.0). BBoxes: [ 01:38.18: (0.223,0.242,0.317,0.538), 01:39.02: (0.227,0.235,0.319,0.527)]

High-Level Plot Reasoning:

Input . {Video} What is the direct and immediate causal result of J. Daniel Atlas creating a loud diversion by hitting
the large metal gong at 1:46?
A. It triggers a silent alarm that alerts a special response team to their location.
B. It serves as a pre-arranged audio signal to their getaway driver waiting outside the building.
C. It shatters the nearby glass partitions, creating a new and unexpected escape route for the team.
D. It draws the attention of the guards, providing cover for the other Horsemen to conceal the card.

Output: <thinking>...</thinking> The correct anwser is D. It draws the attention of the guards, providing cover for the
other Horsemen to conceal the card.
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Ultra-short Short Medium
Duration Category Total
< 1 min 1 —10 mins 10 — 30 mins
# Videos 126 294 562 982
# Queries (Tubes) 206 461 933 1,600
# Boxes 1,063 3,741 7,343 12,147
Video Hours 0.82 26.28 177.69 204.79
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Small Medium Large

Object Size
<10% 10% —30% > 30%

# Queries (Tubes) | 746 511 343
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Micro-Short  Ultra-Short Short

Tube Duration
< 3s 3s—10s 105 —60s

# Queries (Tubes) | 179 1013 408
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Ultra-Short Short Medium Long Ultra-long
<1 min 1-10 mins 10-30 mins 30-60 mins >60 mins

& 4: VUE-TR-V2 1 VUE-TR J&1E 2 (8] B9 940 % Eto

Query Modality Query Format

® Vision ® Audio = Vision+Audio » Keyword = Phrase = Sentence

Kl 5: VUE-TR-V2 FEPE B 2010,



Ultra-short Short Medium Long Ultra-long
Duration Category Total
< 1 min 1 —10 mins 10 — 30 mins 30 — 60 mins > 60 mins
# Videos 66 230 315 197 39 847
# Queries 134 390 430 426 220 1,600
Video Hours 0.74 19.85 97.08 145.95 47.50 310.72

* 4: e VUE-TR-V2 PRI RN 0 1, RS

FE (<1 0% ZEEMM (> 1 /b)), #
VUE-TR-V2 BEASR £ (310.72 /M) S22 BT VUE-TR FEEMSIN K (107.87 /NR) 7Y 2.8 £%

=5 W AT YO, MR

ERS1E 22 L I B S b7 557 v 22 T PPl N e A R AR,

PLE,
Duration Character Reasoning
# Videos # Segments # Bboxes | # Videos # QAs

<90s 34 547 1276 7 65
90-150s 248 5630 13422 56 521
150-210s 235 6517 15944 58 488
>210s 29 860 2441 16 140
Total 546 13554 33083 137 1214
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THI 78 25 (1S RE RS TE SRR IN e R LA TR AR DI, T AY)) FRIETRAEAR I EAbnE (B
HIASAE), T T FRIEE 2D IUSIY & 2R 55 P AR Y,

3.3 VUE-PLOT

Speech Duration

8.1%‘

Object Size

Task Type

A
| 4

«

= Small (<5%)
= Medium (5-20%)
Large (>20%)

19.8%

= Knowledge = Audio
Perception = Narrative
® Filming

N <2s ®m2-4s 4-6s W >6s

B 6: VUE-PLOT %t Character (FAth) FEENFERNKSM (L) MBFRERRSMm (),
& Reasoning (EH) FWENESFEE S (B,
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VUE-PLOT Y Character (fith) FRIERANRZEMRBLRAVEEA, & 546 DI, ERHK 22.45 /)
o A5 9P NI X BRI ORIN 77 2 A6 (R E)- <90 #b. 90-150 #b, 150-210 FHFT > 210 #b, HhEIX[H]
I, ZFE TR RN, B 13,554 DEIEA B 33,083 DIAFHE, FrBRIN K EETEEKE,
RN EA (B E i) MFHEMRBZMRE: /D 51.1% (< 5% D). W45 41.3% (5%-20% MR
K 7.6% (>20% ERD (& [ ), XHBTR R & A .

Reasoning (HEH) ZFE NSRRI, M 137 DM (RIK 6.11 /N IZAETEIRE 1,214
MAE)EX, AT HAMESREE (E E #): Narrative and Structural Understanding GRUERFILEFIPEAR) |
Perception and Understanding (BEIFIFEME) . Professional Filming and Editing Techniques (L NVIAEZFIET
BEOR) . Social Cognition and Knowledge Integration (RXZINFIFIHIAEES) . Speech, Audio, and Sound
Effect Reasoning (S8, EWMEHHER) , XMSFEMERZ MAI4EE, CAEAER: FHRH 24.8
T OPEIETT 245 7, FRESRKAZHESHERAE D],

VRIS . SRR AR RS AR DR AL R FEARAT H: PR RO RE,

WP RZZIFEE (tToU) T P0G PAN BB L 5 SO R BRI e 0 5 R R . BT (ToU),
MU SRR A EER BS 22— DA BUEEC, I A B8O A PLEE A BOS R 58 L

Nmateh

tloU = Z ToU(s2", sP7).

match

HEER (WER) #EAEIEMNFEN NIESET R, R ILRCH B E R B BSoR, 58

HIRIR IR IR SiDaT
+D+
R N

Hrp S0 Do I oplovEgtie, bR, fEAREL, N NEERESESORTE.

ISR b, N TR S S AR UCACHE S B, (6 0 S A L ITAS 000 T L R, LA FLNIARE
BT RN HEZE RHTINEXTF GREDY 20 ZF), NENITRAETRAIF . & B0 LR
SEEIASHERS I L N

ToU (b5", ™).

J 7

sloU =

box J=1

ZIEMPVEERR, £2IERE IS SRR, WERRA AR, RS E I IR ik £
—ANER, WERRE SO E 55 BAE e 2 —E I AIERT & Ll

N,
1 a
ACCMC = ﬁ ZH(Q?er = azgt) ,

d =1

Hrp N, WL, ol F ot R0 @ BHIIAEEER, 1() WEREH.

4 T

HTRAE Vidi2 IERNE, BAE = MURMEES B TR HFERR, W2 e ARsn g, aim
5578 BEEME VUE-TR-V2 il VUE-STG ElR, f5# RAAFHIIMIREEIESE 19, 21, 4] IHEEH 2
BSHEIRRE S, VUE-PLOT HFIFE Vidi2 K 3E4 Bl i) & G 5 BEARRE /o
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4.1 WNBEDL

BAHE VUE-STG H i EXTEE Vidi2 55 2SR (LMM), 248 Gemini 3. GPT-5 1 Qwen3-VL,
KRATNTEEEIIN 2S5, RIHFRATTANIST RIFN 23 (B PR EFE 3 A H R B, $EhRE S ULEE o

Vidi2 fEFTA I RIFIIN ZSH60R L3k 2I Rtk fE, 2HE# Gemini 3. GPT-5 1 Qwen3-VL, X&RHZ
BRSNS 2 7 B8 R, 23 RE AL AE B M7 Al 2 BRI,

4.1.1 LMM HEPRI%E

MR LEER, AT TS AR IA R R RS S, BRI — B & AT
BREN, Vidi2 KRS EREERL TR FHERFS, S0 RE D HAL LMM NARESH API
DARIFE AR RN, NHEFERSEARREA, JERANm S, DRINAS R i bR %
TR ASCIL— B,

Gemini 3 FiA/fithfE0:  FATEN Gemini 3 Pro Preview f% IZMALEIT URL #5320\
R IR R A i L S I (AT RRA SRAERY JSON #ied

Answer with timestamps and bounding boxes and do not output explanation.
Output only a JSON array.
Timestamp format: MM:SS with zero-padding (00-59 for MM and SS).

Bounding box format: [x0, yO, x1, yl1] with values in [0, 1000] normalized to the video frame.

Example:
[{"timestamp":"00:30", "box_2d4":[100, 200, 300, 4001},
{"timestamp":"05:00", "box_2d":[150, 250, 350, 450]}]

What are all the timestamps and positions corresponding to the text query:

"yellow school bus which parked on street near the tree with yellow leaves"?

SRIARAE Gemini APT B /7465 : MM:SS I IVBR =0 Fansmammennis B [0, 1000] 48Rz %
sfscrs

GPT-5 HiA/Hith#gN:  GPT-5 API REZFEBIMA, KAXRERRZ 120 MEGFH, %
FERRUIGN R : 1) MAE TR, DL 1 FPS 28U, 5 Vidi2 MIABLE 20 2) KWGE — —IRREEDA
W 120 WiFRHI, GPT-5 $&RiEWR:

Given the frames of video, please find all the objects corresponding to the text query:

"yellow school bus which parked on street near the tree with yellow leaves".

OQutput only a JSON array.

Thttps://ai.google.dev/gemini-api/docs/video-understanding
thttps://ai.google.dev/gemini-api/docs/image-understanding
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Frame index format: O-based integer.

Bounding box format: [x0, yO, x1, yl] with normalized value in 0.000 ~ 1.000

Example:
[{"frame": 3, "box": [0.051, 0.252, 0.323, 0.954]},
{"frame": 5, "box": [0.372, 0.353, 0.634, 0.955]}].

R HH SRAE M)A FAE

Qwen3-VL A /Gl R:  Qwen3-VL BN Z %2 77 18286 I 2 502 (0 7% 51 A1 3 A v 5 s 1)
B-EGE, X Quen3-VL-32B-Instruct TR,

PRI, S SRR, HRR A5 BN B R (W1 “<0.0 seconds>”) FIAH
RIS, B - G R, B ANSOAR E fr

Given the query "yellow school bus which parked on street near the tree with
yellow leaves", for each frame, detect and localize the visual content described
by the given textual query in JSON format. If the visual content does not exist in

a frame, skip that frame.

Output Format: [{"time": 1.0, "bbox_2d": [x_min, y_min, x_max, y_max]},

{"time": 2.0, "bbox_2d": [x_min, y_min, x_max, y_max]}, ...].

Qwen3-VL it BB ORI RIBR, THSAEARFRTE [0, 1000] BEEGEEIN, 5 Gemini APT —2K,

RS EE e PUBRRIRREENA S SRR EARE, WAV, KFTE PG —imh
Fb: 1) Gemini 3 B MM:SS I RIBEMTEAHNFD; 2) GPT-5 BIMIRS [FERIERIEI FD; 3) Qwen3-VL
HEDIMR S, TR, FBiE, Fralf RS A28, B3 —BmEHER,

AN — R A I SAE L ) [0, 1) AR, Gemini F1 Qwen3-VL #Y [0, 1000] 2EFRER A 1000 I
—fk, GPT-5 CAMIA— (iR, RAFIHGE N EFR, HTHEAZRMNZHER,

4.1.2  PEREVEM

IFTIPERE: 2% DR TR, EUEN RIIHCRT RN R e A4, Vidi2 fEFTE &0 R
PIEAIAE, RF RSN ARERZE (73.00). AEIZE (59.80) 1 IoU (53.19), ZEELEHEFKEMM L&
23, Gemini 3 Pro Preview, GPT-5 fl Qwen3-VL-32B ¥ T.3&E Ni&, iXFEHH Vidi2 BMEER IR AR &
I ] 2% 1 T REAR I T IN TRD X 5%

W ERE: % [ RS TS EMERE, Vidi2 fEFTE KA ERARMR, vP 4456, vR N 36.32,
vIoU N 32.57, TERZEEFERR vioU-Int FHEEMH (60.30), XEBIIZEAIARSGRBIERA N RITERE, 2ShEE

Shttps://qwen.ai/blog?id=qwen3-vl
Thttps://github. com/QwenLM/Qwen3-VL/blob/main/cookbooks/video_understanding.ipynk
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L. . Gemini 3 Qwen3-VL
Major Type Category Metric(%) | Vidi2.5 Vidi2 GPT-5
Pro Prev. -32B
tIoU 58.34 53.19 27.50 16.40 25.91
Overall Overall tP 72.14 73.00 51.91 38.29 45.29
tR 68.00 59.80 35.26 19.53 39.19
tloU 73.13 61.43 38.68 64.66 54.33
Ultra-Short
tP 85.99 85.04 58.91 78.34 76.54
(< 1m)
tR 79.89 66.80 52.29 75.80 69.22
Short tIoU 65.31 61.48 35.39 19.73 38.97
or
Video Length (1 10m) tP 79.40 81.83 66.49 43.86 58.66
— 10m
tR 74.04 68.36 43.59 24.27 57.27
tIoU 51.63 47.27 21.13 4.10 13.19
Medium
tP 65.48 65.98 43.15 23.86 30.45
(10 — 30m)
tR 62.38 54.01 27.37 4.77 23.64
tIoU 53.40 47.24 25.92 16.70 24.44
Micro-Short
( 5 ) tP 59.48 56.49 37.06 30.61 44.74
< o8
tR 68.44 59.78 39.66 20.95 35.75
tloU 58.60 54.66 29.51 17.63 25.80
Ultra-Short
Tube Duration (35— 10s) tP 71.01 73.13 51.77 38.17 46.23
s—10s
tR 68.25 60.85 38.03 21.22 40.21
tloU 59.84 52.14 23.20 13.23 26.85
Short
tP 80.49 79.93 58.71 41.25 43.23
(10s—60s)
tR 67.17 57.18 26.43 14.72 38.18
tloU 56.35 51.46 28.35 17.57 26.01
Small
tP 71.05 70.79 52.00 40.94 46.46
(< 10%)
tR 65.55 57.94 37.16 20.46 38.99
tloU 60.98 54.51 27.23 16.66 26.85
Medium
Object Size tP 73.98 73.85 51.58 36.91 45.04
(10% — 30%)
tR 71.15 61.56 34.41 20.04 40.76
tloU 58.72 54.97 26.06 13.49 24.32
Large
tP 71.78 76.55 52.23 34.77 43.18
(> 30%)
tR 68.62 61.21 32.38 16.76 37.29

K 6: VUE-STG HifE ERIR P EMEER, G ERHR P, ABER (tR) MzIFEE (tIoU),
tR M tIoU fEE[EE LECFEY, tP fEFINE _EECFEY, S5RIEMIIHIREE, ARSI AN RO/ N
—% 71,
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Major Type Category Metric(%) | Vidi2.5 Vidi2 Gemini 3 GPT-5 Qwen3-VL
Pro Prev. -32B
vioU 38.64  32.57 4.61 5.47 5.12
Overall Overall vIoU-Int. 64.84  60.30 16.59 33.64 18.47
vP 47.26  44.56 8.95 13.01 8.61
vR 44.71  36.32 5.71 6.50 7.49
vioU 48.25  36.70 777 20.60 11.30
Ultra-Short vIoU-Int. 64.42  57.86 19.44 31.36 20.56
(< 1m) vP 56.17  50.06 12.44 25.19 16.11
vR 52.05  39.46 9.96 23.98 13.95
vIoU 45.23  39.62 6.36 6.86 8.63
Short vIoU-Int. 67.78 62.97 18.45 34.45 21.01
Video Length
(1 —10m) vP 54.68 52.41 12.36 14.97 12.37
vR 50.60 43.45 7.61 8.43 12.56
vioU 33.27  28.18 3.05 1.44 2.02
Medium vIoU-Int. 63.29  59.37 14.33 34.52 15.08
(10 — 30m) vP 41.63  39.46 6.49 8.47 4.75
vR 40.18  32.10 3.84 1.68 3.55
vlioU 33.35 27.96 3.93 5.60 4.31
Micro-Short vIoU-Int. 59.05 57.28 12.98 32.95 16.06
(< 3s) vP 36.98  33.25 5.85 10.52 8.10
vR 41.31 34.74 5.20 6.74 5.34
vlioU 39.22  34.01 4.79 5.74 4.57
Tube Duration Ultra-Short vIoU-Int. 65.73  60.98 16.30 33.40 17.32
(3s—10s) vP 47.10  45.17 8.66 12.90 8.07
vR 45.32  37.52 6.08 6.94 7.15
vlioU 39.54 31.03 4.48 4.76 6.85
Short vIoU-Int. 64.99 59.83 18.43 34.27 22.45
(10s—60s) vP 52.19  48.00 11.03 14.14 10.16
vR 44.67  34.01 5.01 5.29 9.27
vlioU 29.08 23.31 2.33 3.66 1.49
Small vIoU-Int. 49.86  44.13 7.90 21.38 5.88
(< 10%) vP 36.20  32.08 4.36 9.06 2.73
vR 33.25 25.71 2.85 4.18 2.17
vlioU 46.08  39.42 5.83 7.34 7.08
Medium vIoU-Int. 73.99 71.21 20.41 42.19 23.65
Object Size
(10% — 30%) vP 55.33  52.97 10.92 15.93 11.29
vR 133.37  44.44 7.16 8.69 10.20
vlioU 48.38  42.50 777 6.61 10.09
Large vIoU-Int. 82.82  77.22 30.22 48.08 38.02




Accuracy-Precision Plot for overall Accuracy-Recall Plot for overall Accuracy-loU Plot for overall

0o 00 —— Vidi2.5 [49.62%]
—— Vidi2 [48.75%]

08 08 \ —— Gemini-3-Pro-Prev [37.58%]
0.7 07

GPT-5[17.15%]

1.0

1.

50‘6 50‘6 50,6
© o [¢]
505 505 505
o (9] o
Koa Zoa Koa
03] — Vidi2 [62.45%] 03] — Vidi2.5 [71.09%] 03

— Vidi2.5 [59.78%] P Vidi2 [64.93%] 02

—— Gemini-3-Pro-Prev [48.61%] —— Gemini-3-Pro-Prev [56.30%]
o1 GPT-5 [29.64%)] o GPT-5 [26.63%)] o

%%0 01 02 03 02 05 06 07 08 09 Lo %%0 01 02 03 04 05 06 07 08 09 Lo %%0 01 02 03 04 05 06 07 08 09 10
Precision Threshold Recall Threshold loU Threshold

& 7: VUE-TR-V2 £ ER PR RAVERTEREMLE, BATHRE 7 A RIBAE S FBIE T AT,

PIWERENE NRFE 5, Vidi2.5 B2 g — 187 vIoU £ 6.07%. HXME, Gemini 3 Pro
Preview, GPT-5 Fll Qwen3-VL-32B fE &M/ N5 _ErmE Bk, ZRIREET ERRTEE_EAFRE,

4.2 NERE

45 Gemini 3 Pro Preview([3] 1 GPT-5[11] 3¢ =RJcHiI L ARAX L, IXEARBIRIMERER, BASIR
Z, FONSRERR A 2R,

Bt Gemini 3 Pro Preview JRAZSCRP . mpd” AR, K@D 2 /M. LR 0325 ik, #rhARRE
N PR RIS, Mt HH:MM:SS AR AV EBL, RO RIA T :

Answer with time ranges and do not output explanation. What are all the time ranges

corresponding to the text query: "QUERY"?.

BT GPT-5 API ASZHreEfil, BCNRA 1 FPS 2B E NI 2% Vidi[l7] Bt E LT SORBINTRRIA,
WafRE B OOAMIER S [TEE, REFETR:

The input images are frames from a video. Output the frame indexes that correspond

to the text query: "QUERY". Only output the index range, for example, 2-4, 6-8.

GPT-5 R IE %I, AT 5 m] fgb e ], S EAs I R R R A T P,

= E B E, BRI FE BRI, Vidi2 f£5K IoU _ERFEMSE Gemini 3 Pro Preview Fl
GPT-5 (> 10%), TERZEFE L ToU, FEHRMAERMEH O, BEAEER IoU 50 WER H 3R
RN B N A A O P A

] H JEoR T ARFFERRET ROC #iZk, Vidi2 2 BMETEEIAN IoU, FIRMA ERYEL a0 Fo X
IRER T AR L IR B2 I R B AR _E O3, R SLhRiliigm i T 55 iR O BE 1, Vidi.s @i sk S —4%
e EIE ToU,
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Gemini 3

Category Metric(%) | Vidi2.5 Vidi2 GPT-5
Pro Prev.

IoU 49.62  48.75 37.58 17.15

Overall P 59.78  62.45 48.61 29.64
R 71.09  64.93 56.30 26.63

ToU 57.60  59.09  56.72 41.08

Ultra-Short (< 1m) P 66.81  69.76  68.56 63.84
R 80.66  82.48 75.22 48.19

IoU 50.63  49.01 49.40 26.52

Short (1 — 10m) P 63.61 65.38  61.83 41.64
R 73.31  66.05 74.93 38.91

IoU 51.06  51.05 40.56 11.28

Medium (10 — 30m) P 59.94  63.42  50.48 20.51
R 73.55  67.91 63.69 21.50

IoU 48.54  48.15 26.20 9.39

Long (30 — 60m) P 56.96  60.54  36.73 20.21
R 68.90  62.56 39.36 16.05

IoU 42.22  38.65 21.19 12.49

Ultra-Long (> 60m) P 53.86  54.55 32.18 21.49
R 60.73  50.98 30.11 22.27

IoU 48.56  47.73 38.41 23.17

Keyword P 59.64  63.21 52.43 41.07
R 70.63  63.72 56.00 32.59

ToU 51.22  50.11 37.84 17.02

Phrase P 61.66 63.80  48.94 29.18
R 73.10  67.07 57.40 25.88

IoU 48.83  48.17 36.73 12.92

Sentence P 58.07  60.59 45.51 22.26
R 69.47  63.75 55.46 23.04

IoU 45.64  46.90 33.27 6.93

Audio P 54.26  57.51 39.42 12.16
R 71.94  67.09 58.26 23.21

IoU 52.77  51.04 39.54 20.62

Vision P 61.37 63.12  52.16 35.78
R 73.13  66.94 54.76 26.85

ToU 47.65  46.81 37.26 17.85

Vision+Audio P 1660.51  64.03 48.66 30.17
R 68.13  61.38 57.26 28.04




4.3 @R ) B

Vidi2 SCHRARA A1 E X R A EE AT Vidi SRR B R HE 7 = MR MR LVBench [@]\LongVideoBench [El]]
F VideoMME [4] VI T BIIA £ i 2B ARR, Vidi2 108 FORIN S BV S FOem LH B2 Gemini-
2.5-Pro 3], H5HUBAEYFFEBT Qwen2.5-VL-7B [16] HHEGZSH, IXFEMH Vidi2 HILLHLES
HEFERE ), RAE R RME M EF I,

LVBench [19] LongVideoBench [21] VideoMME [4]
Gemini-2.5-Pro [3] 78.7 84.3 -
Qwen2.5-VL-7B [14] 45.3 54.7 65.1
Vidi2 45.8 57.1 63.5
Vidi2.5 45.2 58.9 63.6

R 9: AERATEIME LRI A ETERE,

Scan the video and extract a number of highlight segments, specifying their
timestamps. Output highlight with title in English language .

e
| IQ Sure, here is the highlight with title.

This Bunny's Morning When You're Trying to Be Quiet But This Bunny's DIY Project is
Routineis. . . Different &* Your Friends Won't Leave You Alone alLittle. .. Aggressive "\

—_— ——

tl
L B
" '{
M

00:32-00:54 02:10-02:45 04:09-04:41

8: FEX2Fr B2 BN 7Rl
SRR RERERE I Vidi2 REXGFRCRSR A Bemtil s NiFESs. 4 KA, B AN ISR

B FISARE, P ERRATE . WE B FOR, AR S R ST, R T I R R
VE SR, AU, NE [ TR, BURREA KA R S S RIRR A BT

4.4 TEVBRRS HERL

LMM HiBRBEE, £x VUE-PLOT WMEZEE, Wit TESN IR LrmtimS, RE2iE
FAEAD (MLLM) fEHAAT Eah s NS MR BRER I AL soRaoe T T R . IXIPR 175 Vidi2.5 IR
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Segment this video into logical chapters with timestamps and titles.

IQSure, here is the chapter description and title.

Introduction to the Big The Quest for the Butterfly Preparing for the Hunt
Buck Bunny

00:00-01:24 01:24-03:53 03:53-05:21

The film opens with a serene view of a Determined to win the butterfly's Feeling frustrated, the Big Buck Bunny
meadow. Alarge, gentle rabbit emerges affection, the Big Buck Bunny embarks on decides to take a more aggressive
from its burrow and is immediately ajourney. He encounters a variety of approach. He trains himself, craftinga
smitten with a beautiful butterfly, setting forest creatures, including a squirrel, a spear and practicing his hunting skills,
up the central conflict of the story . mouse, and a porcupine, who all seem to preparing to catch the butterfly by force.

be mocking or hindering his efforts.

B 9: B RSN HRA,
SERRR, T EIR A LA R 1 AR g B

Gemini 3 fll Qwen3-Omni HiA /Hitikg: P Gemini 3 Pro Preview[ﬁ] it Qwen3—0mni—Thinking[@],
P A BTN E A A AIGE— DA 1 FPS R, I R IR (LA NR, PSR 7 A (R &5
e RiE, AP gl JSON X g —H A8, Qwen3-Omni BYLGEH L H CAE ST vLLM hARSE
sl R R, BRI A AR S RN TR — (LRI JSON A4

Transcribe the active speaker's speech and track their face
using bounding boxes. Output only a single JSON object and
do not output explanation.
Timestamp format: Total seconds (float).
Bounding box format: [x0, yO, x1, yl1] with values in [0, 1] normalized
to the video frame, tightly enclosing the speaker's face.
Sampling strategy: Sample at the first visible frame and every subsequent
integer second.
Example:
{
"text": "Hello everyone.",

"start": 62.4,

Ihttps://github.com/vllm-project/vllm
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"end": 65.0,

"boxes": [
{"timestamp": 62.4, "box_2d": [0.400, 0.150, 0.600, 0.350]},
{"timestamp": 63.0, "box_2d": [0.405, 0.155, 0.605, 0.355]}

}

\ pob _ . .Models ; ;

Bl |25 @ | PE Gt TN G
NF2eEEb | 71.63  66.04 - - 50.68

N /| - | =BG [ 55.89 1324 - - 6.80
TAEEIRE | 123.20 29.00 - - 58.12

JERN 5 B i HER% | 66.25 80.42 55.83 35.00 40.83

EE. BN SRR MR | 74.43 66.03 55.34 4542 27.10

I | AR FTRER & R 162.78 62.15 53.94 31.23 23.03
AR RN S5 A P HERRR | 55.17 59.48 51.72 25.86 25.00

ERN& AL SN R 161.35 50.92 55.21 30.67 24.54

BER WHER® | 64.33 64.58 54.37 33.94 28.01

7% 10: VUE-CHAR H i FRTEMIEER, W& TAY (AN FEEHRWNNFRIFEE (toU). Z3[H]
ZH L (sIoU) 1 ASR $51%, DAN THEE) (#ERED ZREA 0 RS ERE,

PEREREIN, 2 L VER TR BRI RS R, Vidi2.5-Think 7€ VUE-CHAR 230 ToU LA
38 Gemini 3 Pro Preview[3] (> 42%), IR RMEM, HXf A eLERTEM I B Gemini 3 Pro
Preview [RIEHIGE IR ARG SRR UL, H Vidi2.5-Think fE3&3 & « &M A 2L (74.43% vs
66.03%) & LJEHARBHK (61.35% vs 50.92%) LRINEL, JUBKAYZ SN T RE 1 W BEfR S 2% 2
RV o 2 H AR B LIRS, 7 1] A8 [ R T Vidi2.5-Think FUZH, Vidi2.5-Think AESE
ENHERIEIE AFFIRBIEAE (WE @ )o [FINHR AL HEEEE S IEME R, HE G TSRS N —
SR PTfRRER A HERT, PRER T R AAT PR A I (R RN A SR AR 2R A B (UL El Do

5 MH

BR T AR 2 BUSERARERE, Vidi2.s IOER SRS 2 M NN, XL W AR, KT
KM ZBESIRR, A TAEDL ** MURBTHR MK ** NRRIEN HRGI, LR = RRIXLERE,
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00:26.79 00:27.20 00:29.18 01:31.29 01:32.11 01:32.91

Query: Given the frames from a video, predict the exact spoken line with its timestamp, and provide their bounding box
coordinates.

Ground-Truth: [0.1496-0.1737] Yeah, he talks a lot, but I have no idea what's going on.
lesv

timestamp,x0,y0,x1,y1

0.1507,0.572,0.131,0.617,0.241

0.1526,0.578,0.125,0.623,0.238

0.1583,0.570,0.128,0.616,0.235

0.1639,0.573,0.134,0.619,0.241

0.1696,0.572,0.134,0.619,0.241

VIDI2.5-Think: [0.1514-0.1678] Yeah, he talks a lot, but I have no idea what's going on.
esv

timestamp,x0,y0,x1,y1

0.1509,0.572,0.128,0.619,0.244

0.1533,0.572,0.128,0.619,0.244

0.1590,0.570,0.128,0.617,0.244

0.1647,0.570,0.128,0.617,0.244

Ground-Truth: [0.5146-0.5361] Becca, it's time to go to the next level. I see it.
esv

timestamp,x0,y0,x1,y1

0.5188,0.292,0.119,0.497,0.619

0.5195,0.291,0.122,0.497,0.613

0.5252,0.270,0.052,0.486,0.520

VIDI2.5-Think: [0.5149-0.5261] Becca, it's time to go to the next level.
lesv

timestamp,x0,y0,x1,y1

0.5166,0.289,0.119,0.498,0.610

0.5207,0.291,0.119,0.500,0.613

0.5263,0.259,0.061,0.464,0.523

&l 10: Vidi2.5-Think 7EAS AR SR UEE N ERNTEF IRBIRIREIZRE], BEAEFREABRLR I 7550
Mgk B AR AL P AR iC DAE S8 4F T AL
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Question: In the exchange from 0:17 to 0:20, how does the vocal delivery of Leonard and Willie establish the dysfunctional

nature of their partnership?

A. They speak in perfect unison, indicating they are a highly practiced and professional team with a shared script.

B. Leonard speaks calmly and authoritatively, while Willie repeatedly interrupts with rapid, corrective statements,
showing his insubordination and need for validation.

C. Willie whispers his lines to Leonard, showing he is afraid to speak directly to the family and is reliant on Leonard for
instructions.

D. Leonard's voice cracks with uncertainty, while Willie's is steady, suggesting Willie is the secret leader of the pair.

E. Both men speak in a slow, menacing drawl, using identical intonation to project a unified and intimidating front to the
family.

F. Leonard shouts all of his lines while Willie speaks softly, establishing a classic 'loud cop/quiet cop' dynamic to confuse their
targets.

Ground-Truth: <think> Leonard attempts to deliver a monologue ("I worked for Mr. Big."), but Willie immediately cuts in to
amend it ("He used to work for us... We worked for Mr. Big."). Willie's delivery is faster and more insistent than Leonard's. This
isn't collaboration; it's a comedic power struggle where the subordinate is constantly trying to co-opt the leader's
authority, establishing the core friction of their relationship seen throughout the clip. </think> <answer>B</answer>

VIDI2.5-Think: <think> Leonard attempts to speak for the both of them ('"We work for Mr. B'), but Willie immediately and
repeatedly corrects him ('I work for Mr. B', "We work for Mr. B'), highlighting a fundamental disagreement and Willie's inability
to let Leonard take the lead.</think> <answer>B</answer>

Question: From the moment the thugs enter to the moment Ma Bell is struck (0:01 - 1:28), how many distinct characters are
visible on screen inside the house?

. Two: Leonard and Willie. While other characters are visible in the background, the scene's primary action and ...

Three: Leonard, Willie, and Ma Bell. A fourth character, Cheryl, is partially visible in a doorway but is obscured ...

. Four: Leonard, Willie, Ma Bell, and Cheryl.

Five: Leonard, Willie, Ma Bell, Cheryl, and a fifth figure, likely another woman, who is briefly visible deep in the ...

Five: Leonard, Willie, Ma Bell, Cheryl, and a young child who can be glimpsed for a single frame peeking from behind ...
The number is intentionally ambiguous, but at least four. While Leonard, Willie, Ma Bell, and Cheryl are clearly visible,
shadows and movements in other rooms seen through doorways

MmO AW

Ground-Truth : <think> This question requires careful observation and tracking of all individuals throughout the specified
time period. At the start of the scene, Leonard and Willie are present. Ma Bell and Cheryl are also clearly visible in the room
and react to the thugs. A careful scan of the entire sequence from 0:01 to 1:28 confirms that only these four characters are

present inside the house. No other family members or individuals appear in the background or enter the scene. </think>
<answer>C</answer>

VIDI2.5-Think: <think>Throughout the scene from 0:01 to 1:28, four characters are clearly visible and play significant roles:
the two thugs (Leonard and Willie), and two residents of the house (Ma Bell and Cheryl).</think> <answer>C</answer>

11: Vidi2.5-Think FEASTHE T B REIZERG], Vidi2.5-Think &2 HEHE DS HIEFE R,
IERRIE T 2% bR ic DAE 88 4 i m] Ak,
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5.1 LSBT
PG B B AL ) — A EL AR R S BT B R B, B A R AR 957 A O I, 40 IR B T R &
(BB, WHD FRNERFTER, AT EITR, SmESl, SsAaNE. EReEmmEEE,

BRI RIR A @SR SREEE TR, SR, SRR ERE, XM MR SRE TS
A IR S ISR

5.2 BIEETHRIBIG

DR RIE S R, T s, KA RO, EIINEE, X 7Y R
PITRGMG 5% (8 1D,

PUREEH & R 5 BRI g, W08 BOER:, BOERBIHET, HiEgmian mris SCE2, w
TEMBENARIHE T, SCBBUHN AR 22,

FHNE 58 SNFEMN TR, @28 XN, RIEXERIN TR, RERORIN A R FH
T, N NFES SRR RS,

HABPE G SCESUCR: BRI, TTRRHE. VS ABMS, IMSEAFIR RN, MR
WrBEHESR, FAIRE RO S R b — B

MR DTHERE IS ORIBMIR AR 25<, GREEERTh, RIESR SRS <, BLE an el R A AR
BRR AR R R AT 22

g b, IXEERHEAGIE TSP RIATALTE RS ), IR USSR 2B, RS PR R RIS,

5.3 TR R RIS

NSRBI, BATX Vidi2.b HEATIE LR, f#H RS RE 7 G N 8T 4R T AR IS5 T 25K,
PR EVIGRELE DY Vidi-Edite BT BAKERIZN, MR HREMINGRR, EHAERMT S MIERE)
BT,

JEERR AL S RE I E, B85 RGBT T RIEN R 2SN, I BHE Sl
SRR, 55H. B MUEAERERIE S8, MR RGE R, U AR o

5.4 BYERTHRISEH

Vidi-Edit ZERHIBY T RBE S TE G S, RS R B Oy BRI, BT (B2RTE
FREHISAFR) IR AL, 8 SO ST RATALE (D),

FEPRITRER, BYERTTRIRA 7T HDEE LIRS B IREEMRS ORI E SRR R, AUR A SRR
BE (TTS) ALREsRIERIEE BIES G MR ERES RORR R SR SR R R
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OO OOy OOy OOy
Asset 0: 00:16 Asset 1: 00:05 Asset 2: 00:10 Asset 3: 00:23 Asset 4: 00:13 Asset 5: 00:12

User Assets (Video Cover)

Using the given assets, craft a comprehensive creative plan and editing script for a high-quality,
viral-ready short video. Uncover a creative, hidden story instead of just sequencing clips.

m Detailed editing script to create a high-quality video.

{

"scenario": "A pampered cat is on a mission to reclaim his food bowl from his mischievous puppy sibling ...
"viral strategy": "The story is framed as a 'sibling showdown' or a funny 'Expectation vs. Reality' moment ...
"pacing strategy": "A quick, punchy setup showing the problem, a moment of dramatic flair from the cat ...

"editing_script":[
{

"scene": "A fluffy white cat cautiously approaches an automatic feeder.",
"voiceover": "POV: You just want your own food bowl."
"timestamps": ["asset 3, 00:02-00:10"]

b
1

"music_tag": ["Lo-Fi Hiphop", "Chill Beats", "Funny", ...],
"music_bpm": "Medium (90-110)",

"tts_speaker": "Bestie",

"visual effect": "Begin with the cat cautiously approaching the feeder. Cut sharply to the puppy's sudden appearance...

v

[ Music Recommendation]

[ Speech Synthesis ] Visual Effect Retrieval

[ Inhouse Renderer ]

Y

Visualization of Rendering Results

12: Vidi-Edit P47 JERIRE %,

A RHIBPE T RITEE TR RIE R, ERRESS, AN

7w BB B TE S, BERRAACRMRIRIE, SRR, EE AR, M BCRE R
PIERE XM BARHR SR S AT BT R, RVPRRIL TR SRR, RN MirRgtt

B,
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BRRATE R HBCRSBORNTERASE, BRI B SRER, SORESEMMBERCR, R,
IXAREAL TR SRR S SC AR, LR e SO, TR BRI, S iITES,
A AT B ROV RBRSE, Vidi-Edit TR SRR, SUTE R RN BAR 5L,

5.5 EMHRH
BAVRREMRE], o VidiEdit 4 ROITEHR, WIS R aEmEhwe, ® e Ld mx
RFEIE G, ATHEMTACESEA, B By 2eHERI3E R,
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User Assets (Video Cover)

Asset 5: 00:19

Asset 0: 00: Asset 1: 00:09 Asset 2: 00:07 Asset 3: 00:15 Asset 4: 00:29

Using the given assets, craft a comprehensive creative plan and editing script for a high-quality,
viral-ready short video. Uncover a creative, hidden story instead of just sequencing clips.

Visualization of Rendering Results (Frames Extracted at 3-Second Intervals)

13: Vidi-Edit MR EF R @) ARSI MR G, i AR R 8 R —3)
VIS, BN 8P R B IR AR A, GRS N R A B B, i E R A
WAL E R
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User Assets (Video Cover)

Asset 0: 00:06 Asset 1: 00:45 Asset 2: 00:03 Asset 3: 00:13 Asset 4: 00:04 Asset 5: 00:02

Using the given assets, craft a comprehensive creative plan and editing script for a high-quality,
viral-ready short video. Uncover a creative, hidden story instead of just sequencing clips.

Visualization of Rendering Results (Frames Extracted at 3-Second Intervals)

14: Vidi-Edit 2y 8 3 U ik st A2 s BT TR R Bl 287 R B I s B S B
(@, HiE. ARSI, BRWES R HEL, MRS RN R R AR,
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User Assets (Video Cover)

3 ' g

Asset 0: 00:03 Asset 3: 00:03

Asset 5: 00:03

i
A 8-
blishers

o

3

[pesennnnnnnnn]
Asset 6: 00:03 Asset 7: 00:02 Asset 8: 00:02 Asset 9: 00:02 Asset 10: 00:03 Asset 11: 00:02

Using the given assets, craft a comprehensive creative plan and editing script for a high-quality,
viral-ready short video. Uncover a creative, hidden story instead of just sequencing clips.

Visualization of Rendering Results (Frames Extracted at 2-Second Intervals)

15: Vidi-Edit 2 PEHER] B 32 7 5= AL I8 R IE R B, B AE ST LD, I
SR I B R SCARR, BN, BAHERT A B RR S P08 O R, HPUERRE, Bt
i o H i A RS,
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User Assets (Video Cover)

Asset 0: 00:17 Asset 1: 00:29 Asset 2: 00:19 Asset 3: 00:03 Asset 4: 00:23 Asset 5: 00:11

Using the given assets, craft a comprehensive creative plan and editing script for a high-quality,
viral-ready short video. Uncover a creative, hidden story instead of just sequencing clips.

Visualization of Rendering Results (Frames Extracted at 3-Second Intervals)

16: Vidi-Edit ARENE RAERKIBTETRIE RO, A8 LS, Gz B A
PR EBY, Vidi-Edit JEEERBIRIHE By e BT £, R BRI SE AR (U E A AT
RIERH S A MK RE
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AIRENAT Vidi2, EIERFFRAINIAERE ST BRI SZEL T A A AR A s 2N =S 2 0, X2 T — R
AR PR A BRI, O PPN B SCAgmiE 15 fe FRYRIA, FRAMEL LSRG EME VUE-STG, 7EM
N, EIERX. FREREMEUTES L&D TR NS e RS, RN, BTN FRRERER
VUE-TR-V2, WA E TS GG MR KA, &M XU&, 15T R Z 4
£ 1, Vidi2 B 7K ZESHER, Vidi2 £ VUE-STG #l VUE-TR-V2 E## Gemini 3 Pro Preview
M GPT-5, RIMERCHAIINZSHfR, EMMIRE L SHET RN TOEFIEER (41 Qwen2.5-VL-7B) %,
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